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Orthogonal/Vector AMP[7-3, 7-4]
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Convolutional AMP

Convolutional AMP (CAMP) [7-12, 7-13]
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Memory AMP [7-14]
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Memory AMP @ 4318
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WS-CG-VAMP

Warm—Starting Conjugate Gradient VAMP (WS-CG-VAMP) [7-16]
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Rotationally Invariant AMP

Rotationally Invariant AMP (RI-AMP) [7-18]
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[7-18] Z. Fan, “Approximate message passing algorithms for rotationally invariant matrices,”
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